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Financial applications

* Financial applications for stock

prediction

1) Algorithm trading (excluded from this ppt).

2) Asset pricing and derivatives market (option,
futures, forward contracts)

3) Portfolio management
4) Cryptocurrency and blockchain

5) Financial sentiment analysis and text mining
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Financial applications

 Asset pricing and derivatives market (option, futures, forward contracts)

srgl 9 IF = 3 gtEE o= = UHE
Journal of Mathematics 1.58 A neural network—based framework for financial 2019 42

in Industry model calibration

International Journal of 1.83 Artificial Neural Network to Model Managerial 2019 37
Computational Timing Decision Non-linear Evidence of

Intelligence Systems Deviation from Target Leverage

SSRN Autoencoder Asset Pricing Models 2019 42

Journal of Econometrics 3.38 Autoencoder asset pricing models 2021 61

arXiv Deep Learning for Predicting Asset Returns 2018 49

SSRN Deep Learning in Asset Pricing 2020 116
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Financial applications

 Asset pricing and derivatives market (option, futures, forward contracts)

srgl ¥ IF == 4 g2t EE oE = WS

NATIONAL BUREAU OF 4.42 Empirical Asset Pricing via Machine Learning 018 259

ECONOMIC RESEARCH

Review of  Financial 4.64 Empirical Asset Pricing via Machine Learning 2020 335

Studies

Journal of Behavioral 3.05 Latent factor model for asset pricing 2020 4

and Experimental

Finance

Quantitative Finance 1.49 Machine Learning Algorithms for Financial Asset 2020 5
Price Forecasting

Financial Markets and 0.97 Machine learning in empirical asset pricing 2019 15

Portfolio Management

Frontiers in Artificial 0.48 Neural Network Models for Bitcoin Option 2019 1

Intelligence and Pricing

Applications
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Financial applications

Portfolio management

st A IF == 3 g2tEE og = WS
The Journal of Financial Deep Learning for Portfolio Optimization 2020 16 Portfolio Sharpe ratioE =& sl otJ|®Ist Ed 2L S
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International Conference 0.94 Forecasting Portfolio Optimization using 2019 4 ANN, GAE 0lZ3dt(H Portfolio Optimization &l&H, Xl CH
on Information and Artificial Neural Network and Genetic Algorithm return, A riskE s HE2 ot &I
Communication
Technology
Expert  Systems  with 5.45 Portfolio optimization with return prediction 2021 12 random forest, support vector regression, LSTM,
Application using deep learning and machine learning DMLP, CNN2 Z&st Re= A2
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Applied Sciences 2.67 Portfolio Optimization—Based Stock Prediction 2020 11 LSTM= 0| &3t Portfolio Optimization&l active returns,
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Quantitative Trading
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Financial applications

Cryptocurrency and blockchain

st A IF == 3 g2tEE og = WS
Journal of Information 5.43 A Deep Learning—based Cryptocurrency Price 2020 19 Litecoin,Monero & 2212 LSTM, GRU Hybrid 2& = Al
Security and Prediction Scheme for Financial Institutions Z0ol 0=
Applications
Electronics 2.11  An Advanced CNN-LSTM Model for 2021 6 multiple—input deep neural network 2 &€= 0/E3dt(
Cryptocurrency Forecasting BTC, ETH, XRP &2 St2H0l Input22 At=. OI0IE 2t
Nz O ZHE %‘Q
|IEEE Access 3.36  An Empirical Study on Modeling and Prediction 2017 277 Bayesian neural networksE 0|Eol0 0= &
of Bitcoin Prices With Bayesian Neural Networks
Based on Blockchain Information
Expert  Systems  with 5.45 Convolution on neural networks for high— 2020 32 Convolutional LSTMZ222 JiAlgtEH DEIE HIOIEHE &
Applications frequency trend prediction of cryptocurrency Sot s 122 JHE 2 ol=s
exchange rates using technical indicators
Chaos, Solitons & 3.76  Cryptocurrency forecasting with deep learning 2019 120 Lstm= O|Zot Jt&stH =2 It =S
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chaotic neural networks
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Financial applications

« Cryptocurrency and blockchain

stg| & IF == 3 g2 EE oA=Z = WHE
International Conference 0.56 Cryptocurrency Price Analysis with Artificial 019 12 ANNZt LSTME Ol &0t Jtatstil Ot ol =
on Information Intelligence
Management
Mathematics 2.07 Deep Learning Methods for Modeling Bitcoin 2020 9 deep recurrent convolutional neural networE 0|&06tH
Price HEDO JtA oS &
International Conference 0.76 Prediction of Bitcoin exchange rate to American 2017 43 backpropagation neural network, genetic algorithm
on Advanced Computer dollar using artificial neural network methods neural network, genetic algorithm backpropagation
Science and Information neural network, neuroevolution of augmenting
Systems topologies s = 0l &0dt0 O3Y =It W =.
backpropagation neural networkJt Jt&E F Ot =2
[==NOJ|
|IEEE Access 3.36 Stochastic Neural Networks for Cryptocurrency 2020 12 random walkO|22 & &8t stochastic neural network
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Financial applications

Financial sentiment analysis and text mining

st ¥ IF == 9 g2t EE o2 x> UE
International Conference on 0.65 A BERT based Sentiment Analysis and Key 2021 12 AN XMel Jl=¢Q! BERTE JlEt2 2 mediallOIEE Ol
Computer Supported Entity Detection Approach for Online . financial text mining, entity detection &l&i. Pre-
Cooperative Work in Design Financial Texts trainingt ensemble2 0| 5t 8= &4k,
Conference on Empirical 0 A multilayer perceptron based ensemble 2017 48 £E210%2% %2HMS GO0HE 08, Pre—training ot
Methods in Natural technique for fine—grained financial ensemble= 0| &5+( financial sentiment analysis&! &
Language Processing sentiment analysis
Journal of Big Data 11.09 Big Data Deep Learning for financial 2018 160 long short-term memory, doc2vec, convolutional
sentiment analysis neural networks S 0| StockTwits O Ol &f € 0| & &t
financial sentiment analysisOfl £ZCt= 1= <
SMU Data Science Review Cryptocurrency Price Prediction Using 2018 84 I8 IOl 2 Googlle trendUlOIEE Ol =0l JtafsHH
Tweet Volumes and Sentiment Analysis 9| A geks s
|IEEE Access 3.36  Deep Learning Approach for Short=Term 2018 96 S&P 500 prices, articles GI0IHE 010t =It2a O
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|EEE International 0.66  Deep learning for stock market prediction 2017 135 financial news titles, technical indicatorsE CIOIEHZ At
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and Applications
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Financial applications

* Financial sentiment analysis and text mining

on Service Systems and
7 Service Management

deep learning method

CAU AutoML LAB
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“IEEE Systems Journal 5.28  Forecasting Stock Market Movement Direction 2018 79 Support vector machines Ol = o sentiment analysis &
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Financial applications

* Financial sentiment analysis and text mining

EEIE IF == 9 g2 EE oA=Z = WHE

Knowledge—Based 8.03 Sentiment—aware volatility forecasting 2019 30 sentiment—aware volatility forecastingS HICtot{ =t
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Neural Computing and 4.77 Stock closing price prediction based on 2020 55 Attention Lstm=2 0I2&t FIH0IS0H Z2HEAH S =Dtot
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Applications for market trend prediction H2Z0I0 AIHE =58 &Y 3, JI=8HAE2 54 244
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